














Extended Data Fig. 5| Function annotation for significantly dysregulated moleculesin crest1and 2. a, Transcriptomics data. b, Proteomics data.
¢, Metabolomics data.
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Extended Data Fig. 6 | Pathways enrichment results for crest1and 2. a, The final functional modules identified for Crest 1and 2. b, The pathway enrichment analysis
results for transcriptomics data. ¢, The pathway enrichment analysis results for proteomics data. d, The pathway enrichment results for metabolomics data.
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